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Abstract
This paper deals with similarity and plagiarism with a
focus on the Slovak texts. It presents and analyzes stan-
dard methods and tools used to detect plagiarism in or-
der to use the conclusions of its own solutions. It ex-
plains the principle of dictionary method for data com-
pression known as the Lempel-Ziv, which idea of creat-
ing the dictionary is used as the basis for our method
proposal to detect plagiarism in texts. Self-designed dic-
tionary method was implemented in the application. In
conclusion, achievements are presented, which were com-
pared with results of analyzed tools on a sample of the
Slovak texts.

Categories and Subject Descriptors
I.1.2 [Symbolic and algebraic manipulation]: Algo-
rithms—Analysis of algorithms; I.2.7 [Artifical intelli-
gence]: Natural Language Processing—Text analysis

Keywords
Similarity, plagiarism, Slovak texts, Lempel-Ziv, dictio-
nary method

1. Introduction
Now, the problem of plagiarism and copying with easy
availability of texts related to the development of infor-
mation technology and the Internet is gaining more and
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more respect. Especially in the sphere of education, stu-
dents often resort to plagiarism, which can be unmoti-
vated and may be resulting in degradation of the educa-
tion. Whether the plagiarism is conscious or unconscious,
it is necessary to fight against both.

One of the major problems of plagiarism is determining
what plagiarism is and what is not. The most common
signs of plagiarism are for example [3]: missing or incor-
rect references, amount of similarity between texts, long
sequences of common text, common spelling mistakes, in-
coherent text, and others. Standardly, these factors are
used as bases for evaluation of similarity of texts, from
which we can determine the likelihood that it is a plagia-
rism or not. The more the plagiarist inserted into the text
his own creative work the more difficult is the detection.
We can gradually divide levels of plagiarism into: copy
the text or its parts, relocation and modification parts of
the text, replacing words by their synonyms and taking
someone’s idea as it was your own.

There have been developed several methods to detect pla-
giarism with varying success. Each may be appropriate
for different levels of plagiarism. Research and develop-
ment in this area is important and also adaptation of
methods to specification of the languages - in our case,
Slovak. The aim of this paper is to describe the own
method proposal to detect plagiarism in texts and its im-
plementation followed by evaluation results. The main
idea of method proposal was to use and adapt the prin-
ciple of the Lempel-Ziv’s method [6], i.e. compression of
similar texts (containing the same sequence of text) is
more effective than compression different texts. From the
character of a method proposal follows that it is suitable
for syntax domain of plagiarism detection, specifically the
level coping, relocation and modification parts of plagia-
rized text.

2. Related work
This section describes existing methods and tools for the
plagiarism detection in texts. However, before specify-
ing methods, it is necessary to mention the text’s pre-
processing, which is used to adapt a text for purpose to in-
crease the effectiveness of the method. For each language
and each method is appropriate different pre-processing
or its combination [1]. Some basic types of text’s pre-
processing are: Punctuation and/or Diacritical marks re-
moval, Stop-word removal, Lemmatization or Stemming,
Synonymy recognition and others.
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2.1 Methods for plagiarism detection
Below, there are listed methods for plagiarism detection.
Their detailed description is in [3, 4]. The methods are:

• N-grams

• Longest Common Subsequence (LSC)

• Term Frequency (TF)

• Inverse Document Frequency (IDF)

• Greedy String Tilling (GST)

2.2 Tools for plagiarism detection
There are many tools to detect plagiarism in texts. Some
of them also allow the search of similar texts on the In-
ternet. We chose a few mostly free tools, in which we
focus on quality and presentation of results, speed of pro-
cessing, intuitiveness, the method used and other features
that would help us with proposal our own tool. Also, the
results of the analyzed tools were important to compare
and evaluate our one. For each tool, a basic description
is given with the results of our test on the same sample
texts.

WCopyFind1 is developed on the platform .NET of Uni-
versity in Virginia and it is freely available with source
code. Its advantage is simplicity and speed. It supports
text file formats, HTML and DOC. It allows to the user
a lot of pre-processing and detection settings, but it does
not use sophisticated methods, e.g. lemmatization. The
implemented algorithm is based on matching common
substrings and the number of common words. The tool
extracts from each document parts of the text, in which
it is looking at least word match of specified length. This
tool allows you to move documents into a group, in which
they are not compared to each other. It prints both the
mutual similarities and also offers the option to view side
by side. In the test, after appropriate parameters setting,
the tool detected 19 of 27 plagiarisms (only 16 in default
settings). In another extreme case of settings, a tool in-
cluded to results also those, which were not plagiarism at
all. Test revealed minor deficiencies WCopyFind in find-
ing plagiarism in texts of different sizes, when setting the
parameters had to be compromise. It also had problems
with the Slovak language. Despite the result, it was also
good in regard to speed, when the process took only 7
seconds.

PlaDeS [2] was created by students at our faculty led by
Dr. Daniela Chudá. It is also free application built on the
platform .NET. It is very clear with an intuitive user inter-
face. PlaDeS supports DOC and PDF formats and allows
you to insert entire ZIP archives. The great advantage is
the support of Slovak language (lemmatization). The lat-
est version has implemented method of N-grams. Print-
ing the results in different ways is excellent (list, tree and
groups). The selected pair of documents can be viewed
side by side. In the test, while significantly reducing the
marginal similarity on 10% except 1, all possible pairs of
plagiarism were revealed. On the other hand, quality re-
sults were achieved on the expense of time, when analysis
took the order of minutes for the test sample documents.
Visual information by the time course analysis was posi-
tive.

1http://www.plagiarism.phys.virginia.edu/Wsoftware.html

JPlag2 is client - server application that is implemented
in Java. It is designed mainly for comparing program’s
source codes, but also allows the detection of plagiarism in
texts. However, it only supports text file formats (TXT).
The tool algorithm uses tokenization and subsequent com-
parison with GST method (Greedy String Tiling). Anal-
ysis takes place on the server side. Results are returned
in the form of HTML pages. View in groups of similar
documents is very clear. Detailed view side by side we
consider to be the best from the tested tools. JPlag had
problems with Slovak, which was also reflected in the view
of results. In the test, the tool detected 74% plagiarism
in default settings (96% after their modification). Total
time 20 seconds was also positive.

3. Proposal own method
The main idea is to use method of Lempel-Ziv. Lempel-
Ziv method is now mostly used on data compression. Ex-
perimentally this method was used on comparison of DNA
and also text [5]. Principle of the method is the fact that
for the same sequence of text the compression becomes
more efficient. From Lempel-Ziv method, we decided to
use and adapt the principle of creating a dictionary from
which we obtain the parameters for evaluating similarity.
The main goal of this proposal is to create a new method
that offers a new approach to previously used methods on
plagiarism detection in texts.

3.1 Description of creating a dictionary of Lempel-
Ziv method

Creating a dictionary is part of the encoding process of
Lempel-Ziv method [6]. The dictionary you can imagine
as a table where the row contains index (codeword) and
the corresponding character string. Dictionary fulfils the
following prefix condition: if some string of characters is
saved in the dictionary, so its all prefixes are saved there.
In Table 1 and Table 2, an example of method is given for
the input string I = abbacbabcbaccbaaccb and alphabet A
= {a, b, c}.

Encoding steps:

1. Initialize the dictionary to contain all characters an
alphabet {a, b, c}

2. Find the longest string S in the dictionary that
matches the current input

3. Emit the dictionary index for S to output and re-
move S from the input

4. Add S followed by the next symbol in the input to
the dictionary

5. If it is something on the input then go to step 2 (else
finish).

3.2 Method proposal
Basis of own method are built on description contained
in section 3.1. However, there were several key changes:

• whole words are inserted to the dictionary (not just
characters)

2https://www.ipd.uni-karlsruhe.de/jplag
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Table 1: Input string of example and the corresponding encoded output.
Input string a b b a c ba b cb ac cba acc b
Output string 0 1 1 0 2 5 1 7 6 10 11 1

Table 2: Dictionary of compression method example.
Index Appropriate string of characters (S) Index Appropriate string of characters (S)
0 a 7 cb
1 b 8 bab
2 c 9 bc
3 ab 10 cba
4 bb 11 acc
5 ba 12 cbaa
6 ac 13 accb

• the first initialization of the dictionary is not re-
quired (the dictionary is initialized by new words
continuously, as the input text comes)

• we monitor the count of phrases (called compres-
sion) in the dictionary, which is the most important
parameter for our method

• we do not deal with encoding of output string

Generally, our own method is based on the creation of
the dictionary from the input text, which is divided into
words. If the word from an input is not in the dictionary,
it is added to dictionary. If this word is in the dictionary,
to this word is added the next word from input. This
will create a phrase. If the phrase is in the dictionary, to
this phrase is added the next word from input in similar
way. If the phrase is not in the dictionary, it is added to
dictionary and the parameter count of the compressions
is incremented. The process is repeated until the end of
the input. The whole input text is processed this way.

We have developed two approaches to comparison and
acquisition the similarity of two texts:

1. Comparison the second text with a dictionary of first
text (dictionary - text)

2. Comparison dictionaries of both texts (dictionary -
dictionary)

In the first approach, at the beginning the dictionary is
created from the first text. Then this dictionary is used to
”compress” the second text, but it is not modified. More
specifically, the words and phrases of the second text are
compared against the dictionary of the first text. The
phrase is made up from word only when this word is in
the dictionary. And next word from the input is added to
the phrase only when this phrase is in the dictionary. All
possible phrases that are found and also are in dictionary,
they are counted (this number represents parameter ct2d1

in Formula (1)). For the first approach, metrics SM1 (For-
mula (1)) and SM2 (Formula (2)) have been developed to
detect the similarity. It is better when the longer text is
processed first.

SM1 = (
ct2d1
c1

) ∗ 100[%] (1)

− ct2d1 - count of compressions of the second text in
regard to dictionary from the first text

− c1 - count of compressions in the dictionary from
the first text

The disadvantage metric SM1 is insensitive to differences
in the length of compared text and assigning a greater
similarity to longer texts. Modifying the previous formula
for the ratio of words of texts and approximate function
(denominator of the Formula (2)) based on the amount
of words positively influences to these adverse impacts.
Metric SM2 is the result:

SM2 =
SM1 ∗ (w1/w2)

(10(1.8976+0.0421∗log10(w1+w2)))/100
[%] (2)

− w1 (w2) - amount of words of first (second) text

In the second approach, one dictionary is created for the
first text and other dictionary is created for the second
text. Then both dictionaries are compared to each other.
We are matching and counting exact common phrases
(not single words). The resulting number represents pa-
rameter sc in the Formula (3), which is a metric for this
second approach.

SM3 =
sc

min{c1, c2}
∗ 100[%] (3)

− sc - amount of common compressions in dictionaries
from the first and second text

− c1 (c2) - amount of compressions in the dictionary
from the first (second) text

4. Application and experimental results
The application has been implemented in order to verify
the own method and comparison its results with other
tools on a sample of the Slovak texts. These texts are
from student’s essays, thesis and technical texts from the
Internet. They have from 504 to 8642 words. Together
there are 25 texts, respectively 27 unique all possible pairs
of plagiarism. They have different similarity and different
levels of plagiarism. Basic requirements for the applica-
tion were: loading and processing N input text files, choice
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Figure 1: Comparing the results of tools and our application with metric SM3 on sample texts.

any metrics of both approaches on comparison texts, and
presentation of results as a percentage similarity of pairs
of texts. It also allows different types of pre-processing
and their combinations. For our method, removing stop
words proved to be the best. In the graph (see Figure 1),
the results of own method are given for metric SM3 also
using removal stop words. SM3 metric gives more accu-
rate results of similarity than SM2. However, SM2 detects
more similarities in the texts, but it also has a higher
threshold of similarity. Overall, we consider the metric
SM3 for the best on the basis of the achievements. Esti-
mate of similarity was calculated on the basis of amount
of words in common parts of texts.

Evaluation own method (metric SM3):

• analysis and evaluation process is fast (0.6 sec. for
the sample texts - it is the best time from all tested
tools) and method may be implemented as part of
pre-processing

• resistance to displacement parts of the text

• in test method detected all 27/27 plagiarism pairs

• results of own method approximately reflect the re-
sults of the analysis tools and they are visibly better
than the tool WCopyFind

• worse detection similarity of short texts (in less than
500 words)

• method would fail (identify zero similarity) in short
text, which contained no word repetition

• method is also suitable for other languages

5. Conclusions and future work
In this paper, new method has been described with the
metrics on detection of similarity in pairs of texts. It is
based on the principle of compression method Lempel-
Ziv. The idea is creating dictionary from text, compari-
son and acquisition of parameters from created dictionary.

Comparison of the results indicated a great competitive-
ness of our method against the existing tools. We plan to
use more additional parameters from the dictionary, what
can bring even better results. Also, next improvements of
method are not excluded.

Furthermore, we want to use the dictionary to get the
characteristic phrases of the text for searching its similar
texts on the Internet. Also, we want to assign texts to
groups and create a user interface appropriate to presen-
tation the results of similarity that the user himself can
decide what is and what is not plagiarism.
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